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Tutorial 2, Problem 2

Accuracy vs. the number of neurons in the hidden layer

RELU -> Softmax, Learning rate = 0.5, Cross-entropy
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Results from

Tutorial 2, Problem 2 g

Accuracy vs. the magnitude of noise in the data
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- learning_rate = 0.1
- cost_func = torch.nn.MSELoss ()
- activation_function = sigmoid
- number_of_layer and neurons: 1, 4
- N_epochs = 100000 T PERIMETER
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Varying the
number of

Tutorial 2, Problem 2

different labels
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Tutorial 2, Problem 2

Results from
2022 students

Accuracy vs. the number of different labels (branches)
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learning rate =1

4 neurons in the hidden layer
first layer uses sigmoid
outer layer uses softmax
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Tutorial 2, Problem 2
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- 4 layers with 2, 20, 40, and k neurons
- Adam optimization wasn’t working!
- Sigmoid activation function
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Tutorial 2, Problem 2
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- 4 layers with 2, 20, 40, and k neurons
- Adam optimization wasn’t working!
- Sigmoid activation function
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Tutorial 2, Problem 2
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- 4 layers with 2, 20, 40, and k neurons
- Adam optimization wasn’t working!

- Sigmoid activation function
- MSELoss
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Tutorial 2, Problem 2
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- 4 layers with 2, 20, 40, and k neurons
- Adam optimization wasn’t working!
- Sigmoid activation function
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Tutorial 2, Problem 2
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- 4 layers with 2, 20, 40, and k neurons
- Adam optimization wasn’t working!
- Sigmoid activation function
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Tutorial 2, Problem 2
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- 4 layers with 2, 20, 40, and k neurons
- Adam optimization wasn’t working!
- Sigmoid activation function
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Results from

Ove l'flttlng 2022 students
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Ising model classification

Ferromagnetic phase:

~ ]

Paramagnetic phase:

Carrasquilla and Melko, arXiv:1605.01735 le SCHOLARS.

INTERNATIONAL

irsa: 23030031 Page 14/34



Ising model classification

Ferromagnetic phase:

B0

Paramagnetic phase:

Carrasquilla and Melko, arXiv:1605.01735 le SCHOLARS.
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Ising model classification

Ferromagnetic phase:

||

Paramagnetic phase:
T, ok
X b L

Carrasquilla and Melko, arXiv:1605.01735 le SCHOLARS

INTERNATIONAL

irsa: 23030031 Page 16/34



Ising gauge theory classification
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Ising gauge theory classification

Random state Ordered state
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